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1: procedure MLBICL(X,n,m, K,C)
2: P = Est(X,n,m)
3: =
4: for k=1to K do
5: for i =1 to I do R
6: f; = arg max PartLrow(X, P,n;, m)
7 end for
8: for j =1 to J do
9: m; = arg max PartLcol(X, P,n,m;)
10: end for
11: P =Est(X,n,m)
12: (P, n, 1) = Shrink(P, f, )
13: Pnx = min{minnnL {an I Pnm > pth}7 maXnm, an}
14: pot = max{maxnm{pPnm | Pnm < Pen}, MiNnm prm}
15: Ptn = arg max MDL(X, Cut(P, ptn), 1, 1)
Pth €{Pnx Pth Pbf}
16: P = Cut(P, pin)
17: if max,, ., \]E’nm — P,m| < C then
18: Break
19: end if
20: P=P
21: end for
22: return (P, 7, ™, pen)
23: end procedure
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